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ABSTRACT

While theoretically important, the relationship ween crime and employment is
difficult to measure empirically. This paper adde=s major identification challenges
by exploiting high frequency data of daily onlin@stings on job openings and
closings at the county level, merged with individiexel administrative data aboal
inmatesreleased from French prisons. We find that peaple are released when jobs
are being created are less likely to recidivatejveosely, people who are released
when jobs are being cut are more likely to recitivdVe further show thatewson
job creation matters, over and beyond actual enmpéoy opportunities, suggesting
implications for crime-control policies. From a metlological standpoint, this paper
demonstrates how using media and online informatiorjobs can generate higher-
frequency variation than administrative employmelata, and help to overcome
identification challenges to capture effects ofiatawns in job market opportunities,
especially when combined with other administrasoarces.
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Crime for useful comments and discussions. Finhsajgport from LIEPP (Sciences Po) is gratefully
acknowledged. We thank the French Department gbRrAdministration for providing the data, and
in particular Annie Kensey and Dimitri Legrand teelping in this process. We are grateful to David
Cousquer and thi®bservatoire de l'investissemertr providing us job postings’ data.



2015/11

1. Introduction

In the United States, incarceration rates today sewen times higher than in the
seventies (Levitt, 2004) and twice as high in Ee®p countries (Buonanno et al.
2011). A less discussed side effect has been ttrease in the number of people
released from prison. While the growth in prisorpylation is associated with some
reduction in crime rates (Levitt, 1996; Raphael &tdll, 2013), many people who
have been incarcerated reoffend: 67.5% of ex-peisoreleased in 1994 in the United
States had been re-arrested for a new offense tleaes later (Langan and Levin,
2002). Recidivism in itself poses important probdemany people cycle through the
criminal justice system, and understanding howetduce re-offending is in itself an

important policy challenge.

One important theoretical determinant of crimeaisor markets. Former inmates may
be cycling in and out of prison because they hatiard time finding jobs or because
they do not respond to incentives created by legitie earnings opportunities: they
might be screened out by employers in legal labarkets, or lack information on

suitable jobs. In the second case, improving fornmenates’ chances to access
legitimate jobs would be ineffective in reducingidgdvism, while in the first case an

increase in the probability of accessing legitim@bs should decrease former
inmates’ propensity to reoffend. Understanding lomner inmates respond to factors
that might affect their probability of finding jolus getting better legitimate earnings
could be crucial to design effective crime conpolicies. From both a theoretical and
a policy perspective, it is important to understahé marginal effectiveness of
increasing the severity of sanctions, relativenimreasing former inmates’ probability
of finding jobs — the two main determinants of cziin Becker’'s seminal model. To

answer this question, we need clean evidence dloooter inmates’ responses to

variation in the relevant labor markets conditions.

This paper focuses on an important and quite unexgldeterminant of likelihood of

finding a job: how information about local labor nket conditions affects re-offending



LIEPP Working Paper n°41

upon release from prison. The interaction betwedsorl markets and crime has been
modeled theoretically, but relatively rarely invgated empirically. The empirical
literature on recidivism after prison has mainlgudsed on the effect of penal policies,
such as sentence length (Kuziemko, 2013; Dragobi@aland Vertova 2009),
alternative to incarceration (Di Tella and Schadgky, 2013), detention conditions
(Chen and Shapiro, 2007; Drago, et al., 2011), raroenters in prison (Bayer et
al., 2009 ; Drago and Galbiati, 2012; Ouss, 200Merall, these results indicate that
former inmates respond to changes in the envirohnben it is far from obvious that
former inmates would also respond to variationoical labor market conditions, real
or perceived. The standard economic model of camimehavior (Becker, 1968;
Ehrlich, 1973) implies that after release from @nisformer inmates should decrease
criminal activities when they face an increaseoin availability: when more jobs are
available, all else equal, the opportunity costimie spent both in criminal activity
and in prison if apprehended and convicted ridéewever, for this prediction to hold,
former inmates would have to respond to variationscentives created by changing
labor market conditions. Although intuitive, ths mot obvious since people entering
prison tend to not have been employed in the foseaator (Western and Pettit, 2005;
Loeffler, 2013), and thus they may not be respantivthis margin. This could also be
the case if they lack relevant human capital oormiation about job availability, if
they are somehow barred from the formal job martetf experiences in prison have

otherwise overwhelmingly increased returns to crime

Understanding whether and how former inmates respowvariations in labor market
conditions is empirically very challenging. Iderdé#tion is hampered by a number of
confounding factors correlated with both labor netskand offending. People with
better jobs might elect to move out of higher criareas, leading to a non-causal
correlation between crime and lower job availapiliin this paper we address this
major identification challenge by using very graruata on releases from prison and

on job creations and cuts. We build a novel datagetombining administrative data

? Job-search models of labor markets and crime pisdict, from another angle, that more job
opportunities for individuals just released fromspn would reduce recidivism (Engelhardt, 2010).
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on allinmates released from France in 2009-2010 and fnégiuency information on
media coverage of job flows, which we obtain at tlaaly-countylevel. For each
former French inmate, we construct an index repgrtihe number of news stories and
classified advertisements on job openings and ioutiseir county of residence in the
thirty days following their release from prison. iOdentification strategy exploits
within county, daily variations in the flow of infimation about job openings and
destructions. The high frequency of our data calipléh spatial variation allows us
to control both for fixed and time-dependent unobseé heterogeneity. We exploit
random variations in daily announcements and irctettaing of release from prison

to identify the effects of news about job flowsregidivism.

Our results are consistent with predictions from #tandard economic model of
crime. We find that an increase in the number ofoaimcements on job openings in
their county of residence in the month following @mmate’s release from prison
decreases the probability of reoffending (a onedsied deviation increase in stories
on job openings induces a 10% reduction in the giodity of a new incarceration
within six months), while an increase in the numb&mnnouncements on job cuts
increases the probability of re-offending. Sucheffiect holds across types of crime
and socio-economic backgrounds of former inmatdge &ffect of an increase in
announcements on job openings may be due to atyaereasons. Digging into
mechanisms, we look at the effectroédia coverag®f newly created jobs (beyond
new vacancies) on recidivism. Exploiting the timiogannouncements and job start
dates, we show that the main driver of our resiltthe information channel. This
suggests that providing information about job alallity to former inmates could be

an effective and low-cost way to help reduce recsadn.

Our exercise is the first documenting the impach@ifvson jobs on reoffending. We
introduce two main innovations with respect of &esting literature. First we use a
novel identification strategy based on the finengtarity of our data, exploiting daily,
individual-level variations. Second, we are ableptovide policy recommendations

that could be effective in reducing crime at atreddy low cost. Moreover, our study
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shows how alternative sources of information alobtflows (i.e., media coverage
and classified advertisements) can be useful tspgsome of the mechanisms
underlying individual responses to job market ctods by generating more granular
job market indicators. In the same vein, recent kwdras used data from
Careerbuilder.com to look at worker mobility (Mastu and Rathelot, 2014) and
general equilibrium effects of increased unemplayimaenefits (Marinescu, 2014).
Using online job postings as a finer-grained prday unemployment could have
applications to many topics in labor studies, bmthmprove identification, and to
capture the exact timing of events. Moreover, gaper demonstrates the usefulness
of complementing administrative data with eitheblptly available newspaper content
data, or more generally, data exhaust generatdadeorih that way, our paper also
suggests ways to expand the literature on thetsftdanedia content and diffusion on
offending (Dahl and Della Vigna, 2009; Bhuller & 2013).

The paper is organized as follows. Section 2 otierenceptual framework and discusses
related literature; Section 3 presents institut@mg data; Section 4 exposes our empirical

strategy and main results, which are discussedatidd 5. Section 6 concludes.

2. Jobs and Recidivism: Conceptual Framework

Consistent with the standard economic approachimeec(Becker, 1968), we assume
that after release from prison an individual desid@ offending by comparing the
relative utility of time spent working or in othactivities, relative to the utility derived
from committing crimes, net of the costs of incaaten weighted by probability of
apprehension. We focus on the job search activityn which standard models

usually abstracts.

We assume that people have beliefs about theiiHd®d to find a job upon release
from prison. In the absence of additional inforroatithey would make the decision to
commit a crime based on their beliefs of their llikeod of finding a job: the higher

(lower) the prospects of finding a job, the loweigher) the likelihood that they would

5
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reoffend, due to the increase (decrease) in oppitytaosts of crime. But beliefs could
be shifted by additional information about the labmarket, which could be obtained

from media coverage of local employment and classifdvertisements.

For ease of exposition, we assume that individasdsunemployed when released, and
that they immediately start to look for a jot any moment, an individual might
receive a job offer, the probability of which inases with search effort, which in turn
depends on the costs of searching. An individualweark, offend, or search for a job,
which for simplicity’s sake are assumed to be milywexclusive. An individual would
decide to commit a crime if the expected utilitprfr criminal activity (net of the
disutility of incarceration if apprehended) is heghthan the expected utility of
continuing the job search, which in turn dependdhenprobability of finding a job.
After receiving a job offer, a person then couldide whether to accept it; refuse and
continue search activity; or refuse and offendthéy accept the job offer, they no
longer offend; if they refuse, while in an enviroemb where the probability of
receiving a better offer is high enough, they vk#éep on searching; and if the
probability of receiving a better offer is too lowhey will stop searching and may
engage in crime. In any case, the offending detiatoa given point in time depends

on the expected probability of finding a job.

There could be two channels through which newsots could affect recidivism of
people release from prison. All else equal, if nedwsut newly available jobs is a good
indicator of new job vacancies, an increase in nglnmuld reflect tighter job market
conditions and thus a higher probability of findijups® More jobs might result in
greater likelihood to find a job, and thereforeedity change the opportunity cost of
crime. When former inmates find jobs more easilgeit opportunity cost of
reoffending should increase. This is what we lasethe direct effect of job openings.
News could also provide information about jolesnditional on their availability.

Information could help former inmates update thgitor assumptions about the

® Holzer, Raphael and Stoll (2004) also documertt ¢haployers are more likely to hire people with
felony records — and thus, plausibly, former inreatén better economic conditions.

6
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probability of finding a job. We label this the atmation channel.

If news about jobs positively impacts individuallibts about the probability of
finding a job, an increase in news about job opgishould be associated with a
decrease in reoffending. Information about theterise of particular jobs also lowers
search costs: former inmates can target their Begffort to firms with vacancies.
Note that this second channel works by reducingmafing even keeping constant the
number of actual jobs available: by decreasingcteaosts, news would affect the
propensity to reoffend either if searching for & jorevents individuals from crime
(through incapacitation), or if higher search efomncrease likelihood of actually

finding a job, keeping all else constant.

In our empirical analysis, we assume that the ezlejob market for a newly released
individual is the job market in his county of resite upon entering prisénWe first
document that news about job openings correlatés aificial measures of new job
vacancies, and that this correlation is strongerséxtors where former inmates are
more likely to potentially be employed, such asstarction (Schnepel, 2013). We
then document that keeping all else equal, an @&serén news about job openings in
the county of residence is associated with lesslikeem (the opposite holds for news
about job cuts). This is consistent with the ideat &in increase in job market tightness
should reduce reoffending by increasing former it@slaemployment (the opposite
holds for job cuts, which map into an increase memployment). We then explore
whether this is mostly driven by the direct effemft new available jobs or if

information itself plays a role in reducing offendj and find the latter to hold.

More specifically, we study whether news still aterecidivism after controlling for
measures of job market tightness, computed fromciafflabor market statistics. We
find that publicity about jobs matters, beyond mmilability. We then exploit the

timing of the job announcements and their contentdisentangle the effect of

“ Among people who recidivated, 89% listed the samenty as their place of residence for both
incarceration spells. In additional analyses, wso dbok at jobs in the county where the prison of
release is located, when it differs from the cowftyesidence.
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available jobs (the first channel), from the effeftinformation about existing jobs
(the second channel). If conditional on availalbesj information plays a role in
reducing offending, this suggests that, in orderetuce offending, effective policies
should aim not only to encourage the creation ¥ jubs but also, all else equal, to
provide information about job availability to forménmates. Finally, we provide
evidence about the differential effect of news dbjbs according to broadband
Internet availability. The idea is that conditiomah existing newly available jobs,

broadband Internet facilitates the collection ddrmation on these available jobs.

Prior studies have looked at the aggregate reldigiween labor market conditions
and crime. This literature has tried to documem thbustness of the theoretical
prediction of a positive relation between unemplepmand crime. The evidence
provided by these studies is mixed: most studieg fittle effect for property crimes
and mixed evidence for violent crime rates whemg€¥)LS regressions (Raphael and
Winter-Ebmer, 2001; Machin and Meghir, 2004; Osted Agell, 2007; Lin, 2008;
Buonanno et al. 2011). Instrumental variables edts find an increase in property
crimes with higher unemployment (Gould et al., 20Baphael and Winter-Ebmer,
2001; Oster and Agell, 2007; Fougere, et al., 20@9nfirming the relevance of
confounding factors when looking at aggregate d&ween if these results are
consistent with the standard model of crime, iasd to conclude that policies aimed
at reducing unemployment should have a large impactreducing reoffending.
Indeed, it is difficult to infer the behavior ofrfaer inmates by observing aggregate
responses of crime rates to unemployment since anchxercise would require a

number of restrictive behavioral and statisticgddtyreses (Durlauf et al., 2010).

Only a few papers have focused on the effect adrlafarket conditions on offending
behavior. Summer jobs for at-risk youth have beleows to reduce violence and
victimization (Heller, 2014; Gelber, Isen, and Kess 2015), and targeted job
opportunities for former inmates reduce recidivigdedcross et. al., 2011). However,
we know very little about whether and how thesalifigs carry over to a broader

population of adults, moreover to those who areemiovolved in the criminal justice
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system. Only a couple of papers have tried to deter the relation between job
market opportunities and recidivism for adults. iggbel (2013) uses data on parolees
released from prison in California and examines ¢ffects of variations in local
unemployment rates among unskilled individualsdifig that an increase melevant
industries’ unskilled unemployment is associatethwigher recidivism. Also looking
at parolees from California, Raphael and Weimar0D{2dind moderate effects of

county unemployment rates on the likelihood thaoleal offenders return to custody.

As opposed to these papers, we study the entixensa of all former French inmates
and not only parolees, who are in general seldaiedood behavior or other positive
qualities and may be among the sub-categories wfatés most responsive to
incentives. Moreover, our identification strategyludes variations in job flows:
while studies on crime and the labor market usenph@yment levels, we can look at
the effect of both job openings and cuts. Our ifieation strategy exploits within
county variations in job openings at tlaily level, thus overcoming the major
identification challenges without needing an instenmtal variable design. Finally, we
are able to provide evidence on the effect of mi@iion about job availability
conditional on the existing jobs. This last pieéewdence allows us to document the
potential power of low-cost interventions that wobyrovide information on job

opportunities just before a person is released fsason.

2. Institutions and Data

2.1. Incarceration in France

As of January 2013, there were 66,572 inmates amd&, which has an incarceration
rate of about 110/100,000This incarceration rates is orders of magnitudallemthan

that of the US (910/100,000 in 2014, Glaze and KaZ®914), but around the median of

European incarceration rates. Sentences in Frandgd be very short: the average time

> Statistics on French and European incarceratiorbegfound at
http://www.justice.gouv.fr/art_pix/Chiffres_cles 28 opt.pdf
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spent in prison is 8.9 months. Thirty-six perceinsentences are shorter than one year
and 66% are shorter than three years. A corollatiad is that there is a high turnover
rate in French prisons, and there were 87,958 seten 2012. Fifty-one percent of
inmates released had spent less than six monghgsion and 91% had spent less than
one year in custody. Most people released frosoprin France are therefore overall

similar, in terms of length of incarceration, taopke released from jails in the US.

Relevant to our study of jobs and recidivism, cniali background checks are
generally illegal in France for employment purpos€snvicted people are barred
from fewer professions than in the US, but aredshifrom nearly all public sector
jobs, which represent roughly 20% of France’s laooce® Criminal records can also
be checked for jobs where they might pose particutks (e.g., law enforcement,
working with children or the elderly, etc.). Themee also no general rules barring
people from living in certain places (such as puhbusing), and most former inmates

can return to live where they were prior to incaatien.

France has a centralized prison system. The Frebepartment of Prisons
Administration (DAP) runs all 190 facilities, bofhils (for pretrial and short-term
sentences) and prisons (for inmates with longertesers). We obtained an
administrative dataset on all inmates in Frenckgms in 2008 — 2010, and merged

that with a dataset of online job announcements) bbwhich we now describe.

2.2. Individual I ncarceration Records

Information on incarceration comes from administetdata. A penal file is created
upon each inmate's incarceration in France, an@taddhroughout the incarceration
period. The file contains penal and socio-demogdcagéita, and is filled over time with

information on transfers within and across prisahsgiplinary incidents, and sentence

reductions. All of this data populates the Natiomahate File and the Numeric File of

® The list of jobs for which one must have a cleaminal background can be found here:
http://www.cidj.com/sites/default/files/liste _desetiers pouvant_donner lieu _a la consultation diresti b

2.pdf
10
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Management of Inmates under Custody Filehich are centralized under the direction
of the Department of Prisons Administration. Theles are mainly meant for internal
accountability and security purposes, and theyaegl to count inmates in France. The
French Department of Prisons Administration gengsoprovided administrative data

on all inmates incarcerated in France between 20622010.

The data contains information on gender, date rtf anationality, place of birth, place
of residency, marital status, number of childredyaational attainment, job status (all
of which is reported by the inmates themselves, agitkcts their situation upon
incarceration), offenses leading to incarceratlength of sentence for each offense,
date of trial, type of prison, date of release, aadtence reductions. Each individual
can be tracked over time with a unique encryptedtifier® Our principal outcome of
interest is recidivism. Recidivism is defined b ttact that a person reappears in the

prison dataset after being released from prison.

Table 1 presents descriptive statistics on peogleased from prison in 2009 and
2010, which is the time period for which we havehbprison and labor market data.
During this time, 127,810 people were released fprison, and the average stay in
prison was 10 months. The most frequent offensee tireft and battery. Relevant for

our study, 39% of people did not have a job wheerarg prison.

2.3. Labor Market Data

Our main labor market data comes from a compiladibjob openings and cuts posted
online. The data was collected for commercial psgsoby a private firm, the
Observatoire de I'lnvestissemeiithe dataset was compiled from about 4,000 Interne
sources, in particular local newspapers (43%), onati newspapers, and job
announcement websites. While we used a pre-comydéiesion of this online data, this

information could also be collected directly byagung job announcement websites

" Fichier National des Détenus, FND, and Gestioormftisée des Détenus en Etablissement, GIDE.
8 These are unique identifiers, based on first ndas, name, and date of birth. For confidentiality
purposes, the encrypting was done at the Minidtdustice.

11
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and searching local and national newspapers.

This data contains daily listings of coverage otmpgs of new production plants,
increases in the number of perspective employeesigting ones, as well as classified
job offers (simply, “positive news” or “positive aouncement” hereafter) and coverage
of plant closures or downsizing (hereafter, “negathews/announcement’We use
this dataset to create our main measures of |ladsdrlmarket conditions. For each
county @épartmentin France and each day, we build measures otijeations and
cuts that appeared on any source listed in theselata the 30 days following that date.
Our main labor market indicators, as reflectedh®yrmedia, are the number of positive
and negative announcements; and the number otjelased and cut. For each inmate,
we can match date of release to content of newibairdate. We thus obtain a measure
of job openings and cuts that occur in the cowagh former inmate lived in, for the
first 30 days after their release from prisdfWe exclude news on public sector jobs,
since as mentioned earlier former offenders are atioived to hold civil servant

positions™® As detailed further, we also vary the 30-day windo robustness checks.

Table 2 reports descriptive statistics on the itistion of information about job
creations and cuts. On average, people released fnoson faced 3.3 positive
announcements and 2.1 negative announcements fmsh®80 days after release. It is
worth noting that our main measure of employmeptwas large operations, such as
plant openings or closures, and big hiring plandimns downsizing. The average
estimated number of job openings in the first 3@sd@onditional on having at least
one positive announcement, is 149; and the averag@er of jobs cut if there is at

least one negative announcement is 152.

How much do our measures of job opening / closiagture French labor market
conditions as reflected in official statistics? tig 1 shows the correlation between our

measure of job openings and the official statistgsorting new vacancies appearing in

° Also for simplicity’s sake, we refer jointly to piive and negative stories and announcements as
“news stories about jobs.”
1% pyblic sector only represents 2.2% of the 22, 5#®ancements.

12
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a calendar month, collected by the French employmgency (DARES-Pole Emploi).
The horizontal axis captures the number of offisiatancies communicated to the
French employment agency in a calendar month iivengcounty épartementin
2010 by sector of activity, and the vertical ax®ws our measure of jobs openings
aggregated by county and calendar mdnhffhis figure shows that our measure of
vacancies is positively correlated with vacanciesorded in official statistics; even
though it does not catch all jobs opened or cug & reliable proxy for relevant job
market conditions. Interestingly, the correlatioatvibkeen our measure and official
vacancies in the construction and industrial sectoe strongest, and these sectors

have higher concentrations of low-skills joBs.

4. Empirical Strategy

Our identification strategy exploits the daily \&ion in news on job creation and cuts
that we can capture with our high-frequency onjotedatabase. We look at the effect
of labor market information in the month after ede on recidivism, defining “month

of release” as the 30 days following the date tdagse. We exploit daily variation in

the number of news stories. It makes sense to facushe period immediately

following incarceration for two reasons. First, first few weeks have been shown to
be crucial in terms of successful transition oupason’® Second, access to news is
limited in French penal facilities. There is nodmtet connection and very limited
access to newspapefsThe main source of information is national TV chels,

which likely do not have a lot of information abdotal labor market conditions.

Our empirical strategy relies on the hypothesid thaly variations in local labor

1 Official statistics are available only for 2010.

12 The regression of the number of announcements d@heuwlfficial vacancies presents a very high R-
square for both the construction sector (0.62)thedndustrial sector (0.58), a high one for theise
sector (0.53), and a small one for agriculturat@e®.07).

31n France, 34% of ex-offenders have been re-cteniwithin three years after trial. Among them,
8% are re-convicted during the first month.

* Newspapers are mainly available at the prisohtgty. Internet is forbidden except in some pilot
jails and smartphones were not common in Fran28@9/2010.

13
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market conditions are orthogonal to individual @odtext characteristics upon release
from prison. The exact day of release is somewaatilam, since it depends on the
precise timing of the trial, date of incarceratiand sentence reductions, all of which
might vary for reasons plausibly orthogonal to logab market conditions and

individual characteristics. After controlling foranth and county fixed effects, we

look at recidivism as a function of the amount oEifive and negative news in the
precise 30 days following release. Keeping all etsestant, people will be released in
times of varying amounts of good or bad news alpmhs, for idiosyncratic reasons.

We exploit this randomness gxacttiming of release from prison and in news on
jobs. This identification strategy avoids problems of @ggtions that plague studies

of crime that use unemployment rates.

4.1. Balancing Tests and Graphical Evidence

Our main identifying assumption is that timing aswhtent of news are orthogonal to
individual characteristics, both observable andbseovable, of people released from
prison. To explore this hypothesis, we run balagdests on observables. For each
individual, we split the sample at the median df penings (cuts) in the county of
residence that appeared in the thirty days aftr tklease. We look for differences in
observable characteristics above and below the anedn table 3, we report the
results of t-tests for differences in observabl®gr and below the median of job
information. This provides a test of observablemdpdalanced for individuals with
respect to the number of news stories on job ogesnior cuts. Observables are
remarkably similar, and differences that are diaifly significantly different from

zero have very small point estimates.

Before presenting the formal regression model amdra@in results, we present in figure
2 some suggestive graphical evidence that capthieddea of the main treatment
effects. We plot recidivism rates up to six mond#ier release from prison for two
groups of people: those who were released with rgooel news (lighter line) or more

bad news (darker line). “Good” and “bad” news aedireed as a greater number of

14
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stories on job creation (or cuts). Figure 2 sholat recidivism rates are lower for
people released when there is more good news gijisjtand the gap grows over time.
This preliminary evidence suggests that our meastapture relevant information with
respect to offending decisions. People releaseddments when there is more good

news about jobs tend to reoffend less frequentky.ndiv turn to regression analysis.

4.2. Main Regression Analysis

To estimate the effect of local labor market candi on recidivism of French former

inmates, we first estimate the following linearnesgion model:

Yist = As + B+ cXjr + ﬁl]Ob;t + BoJobg + &5t

Where Y,i; is an indicator of recidivism within six months @ftrelease (for an
individual i in a countys at timet), JobJ: (Jobs;) is a forward-looking variable: it
captures volume of news on job creations (or cutshe month after releask;,;
controls for individual characteristics; add and B, are county and month fixed
effects. As we stressed above, since wedasly variation in job creations and cuts,
our identification hypothesis is that daily var@atiwithin county and montfor these
measures are not correlated with individual-le\etehogeneity and other county-level
confounding factors that may be correlated withotatmarket conditions. Since the
exact date of release is as good as random giasprecific timing, our identification
hypothesis concerning individual-level confoundifartors is plausible and it is
supported by the balancing tests presented inrénaqus section. Moreover, in other
specifications we also introduce a set of week teffects and county-specific time
effects as well as county-specific linear time tierio take into account potential

heterogeneity at the county level that is not atstby month fixed effects.

Table 4 reports our main results. Column 1 pres#rgsresults omitting our main
variable of interest and gives an idea of the datian between observables and

recidivism six months after release from prion. Gam education, marriage and age

15
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appear to be protective factors. Likewise, peopleased on parole recidivate less, as
do people who had jobs before going to prison. édrms of offenses, people
incarcerated for theft are most likely to recidecaiThese results are in line with
correlations found in the literature. Columns 2 @hdhclude our main variable of
interest: number of articles on job openings agdinlys in one’s county of residence,
in the 30 days after release from prison. Annourezgmabout job openings in the first
thirty days after release have a negative and fggni impact on the probability to
reoffend within six months after release. News an ¢uts have the opposite effect,
increasing the probability of being re-incarceratddding the full set of individual-
level observables does not change the magnitudeedficients, confirming indirectly
that our variables of interest are orthogonal wépect to individual observables. We
find that a one standard deviation increase in nhember of new stories on job
openings is associated with a 10% reduction inptiedability of re-arrest within six
months. A one standard deviation increase in nurabstories on job cuts implies a
5% increase in the probability of re-arrest within months. In other words, the effect
Is quite large: being exposed to 10 additional ppasiob postings is correlated with a
one percentage point decrease in the likelihooteoflivism, which is similar to the

effect of having had a job prior to incarceration.

Results hold across crime categories and by nditiprend age of former inmates.
Columns 4 and 5 of table 4 report results by empkyt status before the most recent
incarceration. Results remain similar regardlessvibét the prior employment status

was.
4.3. Robustness checks

We now provide some robustness checks. In particula investigate whether our
results are sensitive to variations in the defamtof our main variables of interest, to

the way we control for time and space, and to wergample restrictions.

As a first step, we vary our definition of job ammcements. We vary time windows
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for job creations, and we check if our results affected by the inclusion of job
creation in the public sector. Results are preskint¢he first three columns of table 5.
In column 1, we measure the effect of job annourergmincluding the public sector.
In column 2, we measure the effect of job annourecgmwithin 15 days after release,
while in column 3, we account for the news withwotmonths of release. Results are
similar to those obtained in the previous sectgigns and orders of magnitude are

close and coefficients are statistically significan

A further concern about the robustness of our tegalthat, although we use daily
variations in the number of announcements of jobnapys and cuts, some factors
varying within counties that could be correlatedthwithe volume of the
announcements may be omitted. To check the rolastrfeour results with respect to
this possible concern, we focus on different magpcifications, including various
time controls. In column 4 of table 5, we add a kvéiged effect to the main
regression. Those fixed effects account for evanhtthe national level that could be
correlated with the variation in the volume of anncements at the moment of
release. Column 5 adds county by month fixed eftdct these specifications we are
left with within month and county variation in tvelume of announcements, thus we
exploit within county and month daily variation aur independent variables. Column
6 allows for different time trends in each counghile column 7 adds county time
trends plus county fixed effects. Those specifaaeti account for time trends within
counties, which could be related to an increas¢éhé volume of news over time.
Results are robust across these alternative spatonins; the sign and magnitudes of

effects are similar, and all are significant.

Our results can be interpreted as the causal effecariations in local labor market
conditions at the moment of release from incarcamainder the hypothesis that the
day of release is orthogonal with respect to viamatin job market conditions, which
we have demonstrated to be plausible. There isetiery a concern that this might be
driven by an increase in early releases under rfawrerable economic conditions.

Judges may prefer to grant early release to pespteare more likely to find a job,
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which they might find to be more often the case nvhere jobs are available. Thus
local labor market conditions may correlate witmgocharacteristics of those released
from incarceration because of the selection madgidbyes to grant parole. While the
balancing tests on the individuals’ observablessgméed above tend to rule this
hypothesis, we provide evidence that our resuktsnat driven by people on parole.
The first column of table 6 shows that probabibfyreceiving parole is not correlated
with job announcements. Column 2 includes contimiparole, and columns 3 and 4
report results for parolees and simple releasesul®eare of similar magnitude for
people released on parole or not: differences Hoffiending are not driven by

differences in releasing policies.

4.4. Heterogeneity

In our main analyses, recidivism is defined sima$ybeing sent back to prison. Yet
the offenses for which one can be incarcerated lyngroperty crimes, drugs,
violence and driving under influence (DUI) — thaarally diverge in their relation to
legal employment opportunities. Property crimesdirectly revenue generating and
could be viewed as a substitute for employmentnather words have an economic
motivation. On the other hand, if drug use is dniveg/ addiction problems, legal job

opportunities may have smaller effects on this erahactivity related to dependency.

We document this distinction by measuring the effet job announcements on
different type of post-release crime, namely properimes, drugs, violence and
DUIs. The outcome variables in these regressioasqual to one if a former inmate
reoffends for that specific type of crime. Thesegaries are not mutually exclusive:
a person could for example be convicted of the#irafrug consumption, which would

count as both property crime and drugs. Resultpr@agented in table 7. The effect of
job announcements on property crime is presentedlumn 1, on drugs in column 2,
on DUIs in column 3 and on violence in column 4sikee job announcements are
always significant. However, the effect of newgaif creation is significantly bigger

for property crimes and significantly lower for dreelated offenses. Results for
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negative job announcements are less clear, althdughoffenses also appeared to be
less affected. Taken together, these results arastent with our previous hypothesis
that information about job market opportunities bdsigger effect on crimes that have

an economic motivation (such as property crimei thia crime related to addictions.

5. Discussion: Jobs, matching and optimism

In this section we investigate whether, beyond actabor market conditions,
informationabout job availability affects the probability mcommitting a crime. The
intuition, developed in detail in section 3, is thalowing. Conditional on the
available jobs, news could reduce search cosishamge beliefs on job opportunities.
In other words, our main results may reflect bdta tirect effect of an increase in
available jobs and an effect of an increase inrmédion about available jobs
conditional on their existence. Distinguishing beén these two channels is relevant
since they may have different policy implicationghile the first channel would be
difficult to manipulate cost-effectively, the secbrthannel suggests that simple
policies providing information about relevant jobarket opportunities to people
released from prison might be effective crime reiductools. In this section, we dig

into these channels by providing different pieceswidence.

5.1. Timing of the news

We explore whether media coverage of available joais an effect on individual
propensity to re-offend, beyond the direct effecjal availability. We extend our
previous analysis to parse out effects of the tnh announcement versus job start
date. More specifically we focus on three kindsliffierent job announcements:
1. News publisheheforerelease about jobs that will be availabliter release.
These types of announcements capture jobs opetexdoak’s release that can
affect people's behavior through better job madcetditions, but not through

information since people could not access thisneninformation while in
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prison®>

2. News publishedhfter release about jobs openbdfore release. This type of
news should not affect behavior through better jparket conditions nor
through information about available jobs that coedéde the matching process.
However, this type of news could affect peoplejseexations and optimism.

3. News publishedafter release about jobs openeafter release. This type of
information could affect recidivism through all theechanisms described in the

conceptual framework (job opportunities, matchiogtimism).

Table 8 presents results with this distinctioncétumn 1, we report the effect of news
published after release on jobs created after selaad news published before release
on jobs created after release. Both coefficiendsnagative but the former is the only
one significant with point estimates more than fooores bigger than the latter. If our
main effect were driven by the direct effect ofrgesed job availability, both variables
should have had similar coefficients. Indeed baiptare the creation of new jobs after
release from prison. However the former variablptwees the effect of providing
information about existing jobs, beyond simply #hwailability of jobs. The difference

in coefficients suggests that job announcementsadanly affect recidivism through
job market conditions; job creations are far moffeative in reducing recidivism

when there isnformationabout newly created jobs.

One potential concern may arise if announcementsitajobs available after one’s
release which are published before the releaseenappto be a bad proxy of actual
jobs available after releas®ln order to address this concern more precise®yregress

official vacancies during monthon job announcements published in mdnthrelating

!> Note that while cell phones may be smuggled iatls,j our data is from 2010 when smartphones
were not widely used in France. In 2008, only 12Pp@ople used their smartphones to go on the
Internet, compared to 40% of people in 2012. Inghst few months, there have been several stories
about Facebook usage in French prisons, mainlyusisieg the novelty of the presence of
smartphones. So while some people might have hadhit access while in prison in 2010, this was
plausibly a rare occurrence. Souregp://www.insee.fr/frthemes/document.asp?reg_&ted id=ip1452

'® This is unlikely as more than 62% of the annourermare published before the effective job
creation or cuts. Then, those announcements arstamblas news about job available after one's
release but publishdikfore release for certain offenders and afteasaldor others.
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to job created in month The coefficient is similar in magnitude to theearbtained by

regressing announcements in montencerning job open in montH’

Column 2 of table 8 presents the effect of newdiglixd after release for jobs created
before release, and news published after releagelds created after release. Only the
latter is sizable and significant. Positive anna@aments for jobs created before release
have no effect on recidivism, even though formenates had access to this news.
This result is more coherent with a matching stbign an optimism story, since job
announcements — even about past openings — aife gsild news. If job
announcements induced an update on assumptions #goprobability of finding a
job, we would expect positive announcements puélstafter release to affect
behaviors even if the vacancies had already b#ded.fResults presented in columns 1

and 2 are confirmed in column 3, where the threasmees are used together.

All'in all, these results indicate that informatiabout jobs plays a role beyond actual
job creations, and this effect is plausibly drivaonre by increased knowledge about

job opportunities than by increased optimism abalitmarket conditions.

5.2 Effects conditional on official labor market statistics

Our second piece of evidence relies on documerttiegeffect of announcements
about jobs creations controlling for underlyingdbmb market conditions. The idea is
the following: if the effects we document in sentid simply come from better job
market opportunities, controlling for official stgtics on employment should drive the
effect of job announcements to zero. If the effisgtat least partially, driven by
matching or updating people's assumptions, thecietiejob announcements should

remain significant, even after controlling for nuenlof jobs actually available.

17When we regress announcements published in maohthbbut jobs created in month t on official

vacancies at t, we obtain a coefficient of 0.7838.with month and county fixed effects). The same
regression, but using announcements publishedladut job created in month t, gives a coefficiént o

0.54 (0.056 with month and county fixed effects).
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Two different measures are publicly available a¢ tmonth and county level:
unemployment rates and the number of new vacammscted by the national
employment agency (ANPE). The latter captures a,fland is closer to our job
announcement variable. Results are presentedla3ab

Column 1 presents the effect of job announcemehenwe control for the number of
vacancies recorded in official statistics by cakmdionth and region. Column 2
presents the effect of job announcements when wé&aldfor job market tightness
measures, aggregated at the calendar month andnatdevel. The effect of job
announcements remains significant and sizable,te@dnagnitude is comparable to

our main effect.

One reason why the effect might still hold is bessaof differences in the timing of
these measures. The official statistics are conapattehe monthly level. For example,
in our main specifications, people released onldteof May are assumed to face the
same unemployment rates than those released theBlay, but a different one than
people released the 30th of April. Our job annoummat variable has a finer
granularity, and it might be capturing these fimethin-month variations of the job
market conditions. We overcome the timing probleyfdcusing on people released
the first week (column 4) of the month. For thes®ple, official statistics and job
announcement variables have roughly the same tetiyoiT he timing of news about
job openings overlaps more closely with the timofgofficial statistics. The effect
remains significant and point estimates are sintibathose presented in section 3.
Taken together, these results suggest that annm@mts do not only affect recidivism
through job market conditions: better coverageots ppenings and closing in itself

affects recidivism.

5.3. Internet and the access to information

We have shown that information diffusion seemsntraase the effect of job market

conditions. We further test this result by lookiag variations in access to news,
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exploiting differences in access to high-speedri@e’® The exact introduction of
high-speed Internet in France is not well docun@nbait county density does not

appear to be correlated with access to high-spgediket (map linked in footnote).

Results are presented in table 10. Column 1 preghatmain regression in the area
where Internet access is the worst. Columns 2 apde8ent the same regression in
places with moderate and high access to high-spaednet. Results indicate that

coefficients are smaller for the areas where hjgged Internet coverage is lower.

Taken together, these results suggest that condition the underlying job market
conditions, the diffusion of news about job opesirand cuts, which reduces search
costs, may play a role in affecting recidivism. SThiypothesis is consistent with recent
evidence showing that, all else equal, unemploydgns who look for jobs online are
re-employed faster than people who do not seancipobs online (Kuhn and Mansur,
2014): higher internet availability and more onlijod announcements for given job
market conditions should increase job finding ratethe short run and in turn reduce

short-term recidivism.

5.4. Policy implications

There are many potential public policy levers ttaild be used to reduce recidivism.
How do job announcements contrast to other polepbécies? To get an easily
interpretable estimate, we look at the effect dtigg any positive announcement: it
corresponds to a 7% decrease in recidiviSkive can contrast this to other estimates
in the literature: one extra month in prison iscasaed with a 4% reduction in

recidivism (Kuziemko, 2013); two additional weeksgrison plus one extra month on

'® Data on ADSL coverage are taken from Tactis (2018)ernet-less zones (Zones blanches) have
and ADSL coverage less or equal than 2 mbps.”
http://www.tactis.fr/wp-content/uploads/2013/11/2sBlanches2M_par_dpt_nb_communes.jpg

¥ To calculate this easily interpretable estimate, akeate a dummy = 1 if a person received any
positive announcements in the 30 days flowing theliease from prison, and regress recidivism on
this dummy, including the same controls as in ousinmspecifications. Receiving positive
announcements is significantly correlated withd&gsm outcomes.
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probation is associated with 5% reduction in redstn (Philippe, 2015); one extra
month in expected future sentences is associatédan.3% reduction in recidivism
(Drago et. al., 2009). Depending on estimategppeears that providing information to
people on jobs is about equivalent to spending &xtra months in prison, or

expecting five more months in prison if re-convitte

The effects are smaller than those of alternatieemcarceration such as electronic
monitoring, which are associated with a 25% (O@xl3) to 50% (Di Tella and

Schargrodsky, 2013) reduction in recidivism. Thasgiding incarceration altogether
might be the most cost-effective way to reduce digi@m in some cases, but
providing inmates information about available jopportunities at the time of their

release from incarceration still appears to be cest-effective policy.

6. Conclusion

This paper uses fine-grained data on job announcesmmeatched with administrative
data on releases from prison to identify the eftédbcal labor market conditions on
recidivism. This data allows us to overcome thermdentification challenges that
have held back analyses on this important policestian by exploiting high-
frequency variations in local labor market conditoWe find that recidivism is less
likely when there is more coverage of job openiregs]l more likely when there is
more coverage job cuts: recidivism responds tol lader market conditions. Digging
into mechanisms, we find thaéwson job openings seems to be driving these effects,
over and beyond the direct effect of job avail@illUsing estimates from previous
studies, we find that this effect is comparable size to those of increasing
incarceration spells by about two months. This sstgythat providing inmates with
information about job market opportunities at thhelease from incarceration can be a

cost-effective policy to reduce recidivism.

Our study also innovates by studying the effectéooél labor market conditions on

recidivism by examining the entire universe of ferninmates in a given year in a
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single country. The picture emerging from our as&lysuggests that, consistent with
the standard economic approach to the study ofegriormer inmates respond to the
incentives provided by variation in formal labor nket opportunities. This confirms
the role of incentives in the formal labor marketen though other research has
shown the importance of informal employment forgleavhen they are released from
prison. Our contribution has both theoretical amticy implications. Our empirical
findings broadly fit predictions of standard ecomomodels linking crime to labor
market opportunities. From a policy perspectives #malysis suggests that policies
targeted to reduce unemployment may have posigil®gers by reducing recidivism
and highlights the role of information about jobadability, over and beyond the

effect of unemployment reduction — which is a hagtdicy lever to manipulate.

Increasing job opportunities is costly, and focgseiforts on people released from
prison or otherwise involved with criminal justiceight be perceived as unfair, or
potentially create some moral hazard problems. fduling thatinformation about
jobs matters over and beyond actual job availgbiitmuch more tractable from a
policy and implementation perspective: diffusintgv@ant job information is much less
costly than increasing employment. The importarfaaformation has been shown to
play an important role in other contexts, suchragestments in schooling (Jensen,
2010 and Hoxby and Turner, 2015), risky sexual bteha (Dupas, 2011), or
retirement investments (Duflo and Saez, 2003k ttat a new finding that information
would play an important role in labor markets (f&tig1962); some research places
particular emphasis on its diffusion via sociawmks (loannides and Datcher Loury,
2004). Our findings show that improving matchingotigh information could also
have impacts on important outcomes like offendimlgich might matter in particular

when assessing the costs and benefits of sociaigxl
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Figure 2. Percent returned to prison, by month since reldasa prison and content of
articles: more news about job creations (lightee)ivs. more stories about job destructions
(darker line).

Percent re-incarcerated
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Table 1: Descriptive statistics on releases from Frenclopri2009 and 2010

Count Percent / Mean
Socio-demographics
Women 5551 4%
Born in France 101814 80%
French 109803 86%
Married 39407 31%
Has children 53083 42%
Has a job when incarcerated 78061 61%
High school 12922 10%
Middle school 48465 38%
Technical education 40413 32%
No school 11523 9%
Age upon release 32,3
Offending
Theft 44412 36%
Drugs 26917 22%
DUI 34612 28%
Assault 43312 35%
Parole 9312 7%
Short-term prison 86064 67%
Recidivated within 6 months 6307 5%
Incarceration length 10,6
Total 127,810

Table 2: Descriptive statistics on job creations and destvos as

Observatoire de I'lnvestissematta.

presented in the

Mean Sd Min Max
Positive announcements 30 days 3,32 3,98 0 48
Negative announcements, 30 days 2,07 2,38 0 22
Jobs created if at least one positive
announcement, 30 days 149 337 2 8565
Jobs destroyed if at least one negative
announcement, 30 days 152 330 1 6736
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Table 3: Balancing tests.

Positive announcements Negative announcements
(1) (2) 3) (4) (5) (6)

mecian medn Diference | DC0N e Difference
Women 0.043 0.043 0.000047 0.043 0.044 -0.0013
Born in France 0.80 0.80 -0.0037 0.79 0.80 -0.0088***
French 0.86 0.86 -0.0028 0.85 0.86 -0.0091***
Married 0.30 0.31 -0.0084** 0.31 0.31 0.0028
Has children 0.41 0.42 -0.0053 0.42 0.42 0.0018
Job when incarcerated 0.61 0.60 0.0050 0.60 0.61 -0.0078*
High school 0.10 0.10 0.000025 0.10 0.10 0.00039
Middle school 0.38 0.38 0.0031 0.37 0.38 -0.0031
Technical education 0.32 0.32 0.0015 0.32 0.32 -0.0041
No school 0.090 0.092 -0.0016 0.094 0.090 0.0033
Age upon release 32.3 32.3 -0.041 32.2 32.4 -0.20**
Theft 0.36 0.36 -0.0058 0.36 0.36 0.0049
Drugs 0.21 0.22 -0.0034 0.21 0.22 -0.0037
DUI 0.28 0.28 0.00047 0.27 0.28 -0.0043
Assault 0.35 0.35 -0.0086** 0.35 0.35 -0.0024
Parole 0.072 0.073 -0.0013 0.071 0.072 -0.0010
Short-term prison 0.67 0.66 0.014*** 0.68 0.67 0.017%**
Incarceration length (days) 215.9 223.8 -7.85%** 218.0 221.8 -3.73

* p<0.05, ** p<0.01, *** p<0.001

Note: Columns 1 and 2 (4 and 5) report summarystitz for the sample divided in evenly sized g®@s
follows. Within each county, we calculate the medmumber of positive (negative) announcements. i@old

(4) reports summary statistics for those inmate® \ahe released when the number of positive (negativ
announcements is below the median for their cowary, col. 2 (5) reports summary statistics for iteravho
are released when the number of positive (negatwelouncements is above the median for their county
Column 3 (6) reports the point estimates of théedéhces between the means in cols. 2 and 3 (%)and
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Table 4: Job announcements and recidivism within 6 mon#grassion analysis.

(1) (2) (3) (4) (5)
social and
penal Number of Number of formerly formerly
VARIABLES indicators announcements announcements unemployed employed
Positive announcements -0.00133*** -0.00134%*** -0.00153***  -0.00115***
(0.000165) (0.000203) (0.000279) (0.000223)
Negative announcements 0.000809%*** 0.000912*** 0.000729* 0.00101***
(0.000304) (0.000297) (0.000413) (0.000325)
Short-term prison -0.000557 -0.000843 -0.00210 -0.000445
(0.00228) (0.00225) (0.00393) (0.00212)
Parole -0.0162*** -0.0162*** -0.0136*** -0.0174%**
(0.00228) (0.00227) (0.00438) (0.00271)
Woman -0.0199%*** -0.0199*** -0.0213*** -0.0163***
(0.00289) (0.00290) (0.00361) (0.00345)
Born in France -0.00100 -0.000989 1.52e-05 -0.00169
(0.00266) (0.00267) (0.00488) (0.00305)
French 0.00613** 0.00624** 0.00977* 0.00343
(0.00289) (0.00289) (0.00549) (0.00305)
Married -0.00563*** -0.00562*** -0.00500* -0.00546***
(0.00161) (0.00162) (0.00282) (0.00188)
Has children 0.00251 0.00260 -0.00189 0.00485**
(0.00176) (0.00176) (0.00266) (0.00209)
Had a job when -0.0149%*** -0.0150***
(0.00153) (0.00151)
High school -0.00806*** -0.00794*** -0.0129%*** -0.00547**
(0.00198) (0.00197) (0.00386) (0.00222)
Technical education -0.00544*** -0.00541*** -0.00820*** -0.00292%*
(0.00134) (0.00133) (0.00303) (0.00171)
No school -0.000137 4.14e-05 0.00323 -0.00233
(0.00252) (0.00245) (0.00303) (0.00360)
Other -0.00382 -0.00365 -0.00722%** 0.00152
(0.00264) (0.00259) (0.00362) (0.00260)
Age at release - -0.000890*** -0.00121*** -
(5.78e-05) (5.82e-05) (0.000103) (7.47e-05)
Theft 0.0213*** 0.0214%*** 0.0234*** 0.0203***
(0.00212) (0.00213) (0.00305) (0.00232)
Drugs -0.00207 -0.00196 -0.00212 -0.000975
(0.00141) (0.00141) (0.00299) (0.00156)
DUI 0.00543*** 0.00547*** 0.00820** 0.00410***
(0.00149) (0.00148) (0.00325) (0.00156)
Assault 0.00746*** 0.00756*** 0.0118*** 0.00488***
(0.00151) (0.00150) (0.00245) (0.00171)
Sentence 4.68e-06** 4.66e-06** -1.56e-06 7.67e-06***
(1.99e-06) (1.99e-06) (3.24e-06) (2.22e-06)
Constant 0.0853*** 0.0631*** 0.0903*** 0.104*** 0.0633***
(0.00425) (0.00303) (0.00447) (0.00901) (0.00561)
Observations 123,421 127,810 123,421 48,174 75,247
R-squared 0.014 0.005 0.014 0.017 0.010

Note: Regressions include month and county dumriitsidard errors are clustered at county lével

p<0.05, ** p<0.01, *** p<0.001
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(1)

(2) (3) (4)

(5)

(6)

(7)

all announcements announcements Week and Day*county Day*county trend
announcement within 15 days  within 60 days county FE Month*county FE trend with county FE

Positive announcements, -0.00137%*** -0.00178*** -0.00128*** -0.00146***
30 days (0.000200) (0.000229) (0.000168) (0.000192)
Negative announcements, 0.000908*** 0.00142*** 0.00128*** 0.00101***
30 days (0.000304) (0.000424) (0.000279) (0.000304)
Positive announcements -0.00130%**
with public sector, 30 days (0.000212)
Negative announcements 0.000912***
with public sector, 30 days (0.000310)
Positive announcements, -0.00162***
15 days (0.000299)
Negative announcements, 0.00137***
15 days (0.000398)
Positive announcements, -0.000970%***
60 days (0.000106)
Negative announcements, 0.000930%***
60 days (0.000243)
Constant 0.0901*** 0.0878%*** 0.0910%*** 0.0770%** 0.0814*** 0.0956*** 0.0972%**

(0.00451) (0.00436) (0.00475) (0.00319) (0.00392) (0.00387) (0.00336)
Observations 123,421 123,421 123,421 123,421 123,421 123,421 123,421
R-squared 0.014 0.014 0.014 0.015 0.023 0.013 0.015

* p<0.05, ** p<0.01, *** p<0.001

Note: Regressions include month and county dumragesyell as controls for gender, marital statusication, offense, age at release, sentence letygthof prison, and
dummies for being French, being born in Francejrwpehildren, having a job when incarcerated. Statrrors are clustered at county level
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Table 6: Robustness checks: recidivism by parole status

(1) (2) (3)
Number of
suspended sentences Recidivism: no parole Recidivism: parole

Positive announcements, 30 days 0.000272 -0.00133*** -0.00135***
(0.000223) (0.000211) (0.000501)
Negative announcements, 30 days 0.000372 0.000898%*** 0.00124
(0.000352) (0.000317) (0.000820)
Constant 0.0687*** 0.0916%** 0.0531%**
(0.00373) (0.00474) (0.0167)
Observations 127,810 114,365 9,056
R-squared 0.015 0.014 0.029

Note: Regressions include month and county dumraiesyell as controls for gender, marital statuscaton,
offense, age at release, sentence length, typesoinp and dummies for being French, being borfrance,
having children, having a job when incarceratedn&ard errors are clustered at county level

Table 7: Heterogeneity, recidivism by type of offense.

(1) (2) 3) (4)
recidivism for
property recidivism for recidivism for recidivism for
offenses drugs DUI violence

Positive announcements, 30 days  -0.000775*** -0.000337*** -0.000405*** -0.000431***
(0.000155) (6.03e-05) (0.000124) (9.90e-05)

Negative announcements, 30 days 0.000400 -7.66e-05 0.000108 0.000365**
(0.000255) (0.000101) (0.000140) (0.000178)
Constant 0.0496*** 0.0194*** 0.0177%*** 0.0362%***
(0.00284) (0.00208) (0.00220) (0.00283)
Observations 123,421 123,421 123,421 123,421
R-squared 0.022 0.010 0.011 0.011

Note: Regressions include month and county dumraiesyell as controls for gender, marital statuscaton,
offense, age at release, sentence length, typesoinp and dummies for being French, being borfrance,
having children, having a job when incarceratedn8ard errors are clustered at county level
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Table 8: Effect of job announcement depending on announoeare job timing

(1)

(2)

(3)

News in the month after release about jobs opened before release

News in the month after release on jobs opened after release

News in the month before release on jobs opened after release

Constant

Observations

R-squared

-2.55e-06
(0.000634)
-0.00151%**  -0.00155%**
(0.000272)  (0.000315)
-0.000525
(0.000367)

0.0869***  0.0864***
(0.00501) (0.00501)
123,421 123,421
0.014 0.014

4.12e-05
(0.000629)

-0.00151%**
(0.000309)
-0.000526
(0.000368)
0.0868%***
(0.00501)

123,421
0.014

Note: Regressions include month and county dumraiesyell as controls for gender, marital statuscation,
offense, age at release, sentence length, typesoinp and dummies for being French, being borfrance,
having children, having a job when incarceratedn&ard errors are clustered at county level

Table 9: Job announcements and recidivism, control for @ffistatistics

(1)

(2)

(3)

(4)

Number of
vacancies :
Number LongtermV /U
VARIABLES vacancies V/U ratio ratio released first week
Positive announcements no public sector, 30 days -0.00128*** -0.00134%*** -0.00137%** -0.00130%**
(0.000184) (0.000203) (0.000204) (0.000359)
Negative announcements no public sector, 30 days 0.000891***  0.000905*** 0.000905*** 0.00173***
(0.000300) (0.000296) (0.000292) (0.000607)
number of job vacancies (official stats) -0.00187** -0.000164
(0.000721) (0.00143)
vacancies / number unemployed -0.00871
(0.0419)
long term vacancies / number unemployed 0.336*
(0.182)
Constant 0.0987*** 0.0914%** 0.0820%*** 0.0753%**
(0.00582) (0.00528) (0.00645) (0.00963)
Observations 123,421 123,421 123,421 27,725
R-squared 0.014 0.014 0.014 0.018

Note: Regressions include month and county dumnaiesyell as controls for gender, marital statusication,
offense, age at release, sentence length, typeisafinp and dummies for being French, being borfriance,
having children, having a job when incarceratedn&ard errors are clustered at county level
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Table 10: Recidivism after 6 months, by quality of Internetrerage.

(1) (2) (3)
Bad: >15 Internet- Medium:10 - 15 Internet- Good: <10 Internet-less

less zones less zones zones
Positive announcements, 30 days -0.00102*** -0.00120*** -0.00171***

(0.000143) (0.000421) (0.000276)
Negative announcements, 30 days 0.000222 0.00111 0.00137***

(0.000509) (0.000663) (0.000452)
Constant 0.0983*** 0.0843*** 0.0896%***

(0.00897) (0.00924) (0.00655)
Observations 35,940 39,551 47,930
R-squared 0.014 0.015 0.014

Note: Regressions include month and county dumragsyell as controls for gender, marital statuscaton,
offense, age at release, sentence length, typesoingp and dummies for being French, being borfrance,
having children, having a job when incarceratedn8ard errors are clustered at county level
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